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Posthoc Explanations for Audio Classifiers explanation. N -
| | e Mask-Out: Minimizes the classifier agreement between the input and _so0- o
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o Listenable. | N | R, Ro N L-MAC-FT2 o L-MAC-FT2
® Ry: Avoids trivial solutions (e.g. all 1s). L2l L2l
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Posthoc Explanations for Audio Classifiers .
Phase Conclusions
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. ster Listenable e We proposed a state-of-the art posthoc explanation technique.
OutputHead —> y Explanations . . . . ‘
Mel T e Our method is agnostic to classifier input representation.
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noutTF s Eilszzgliirs . Decoder b 1 —> O InoutTF el e Our method provides understandable, listenable and faithful explanations
& 1 OutputHead both in ID and OOD cases.
e Our finetuning strategy consistently improves the explanation quality, while
marginally affecting taithfulness.
Listenable Explanation = ISTFT ((My(h) © X) erphase) e This work has been carried out within the SpeechBrain project. Our results are

fully reproducible, and the trained model weights are available.
Evaluation Metrics
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e Faithfulness: Measures importance of explanations for classifier decisions S e e Ch B ‘2&%
e [2]-Faithfulness, Average-Increase, Average-Gain, Average-Drop, Input Fidelity p ral n ., o J'
e Structural metrics: Measures the understandability of the explanations '
e Sparseness, Complexity
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